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Introduction

Computer-supported collaborative learning (CSCL) has been widely adopted in
schools, universities, and workplaces. Positive outcomes originating from collaborative
learning have been reported in numerous studies (Web and Palincsar 1996; Veenman
et al. 2005; Tsai 2011; Jarveld and Hadwin 2013). However, dividing students into
groups does not necessarily result in productive collaborative learning (Barron 2003).
Group members need to know how to regulate their learning processes (Kreijns et al.
2003). In the CSCL context, group members have to co-regulate each other to jointly
solve problems. They can ask questions, provide explanations, elaborate on concepts,
monitor progress, correct errors, and evaluate outcomes in order to gain a better
understanding of the subject matter. Moreover, co-regulatory abilities are considered
important for improving the quality of collaborative learning (Ucan and Webb 2015).
Recently, mobile computer-supported collaborative learning (MCSCL) attracted much
attention since various kinds of APP have been developed to facilitate the implementa-
tion of MCSCL (Song 2014). The present study aims to explore the behavioral patterns
of co-regulation in the MCSCL context.
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About Co-regulation

Co-regulation can be characterized as an externally initiated regulatory process that
promotes traits of self-regulation in individuals and traits of shared cognition and
distributed cognition in groups (Zheng et al. 2014). Co-regulation is a dynamic
process that is mediated by social interactions. Typically, co-regulation describes
the social interactions that occur between two or more group members in a CSCL
context (McCaslin and Hickey 2001). Moreover, co-regulation builds on Vygotsky’s
(1978) theory that higher psychological processes in individuals originate from so-
cial interaction. Learning occurs inter-subjectively, mediated by social interaction,
before it occurs intra-subjectively (Vygotsky 1978).

Co-regulation is an expansion of self-regulation, as it also encompasses cognitive and
social aspects (Chan 2012). Co-regulation implies that individuals collaborate as mul-
tiple self-regulating agents socially regulating each other’s learning processes (Volet et
al. 2009). The main difference between self-regulation and co-regulation is who regu-
lates during the learning process. Self-regulation emphasizes that each individual inde-
pendently regulates his or her own learning processes, whereas in co-regulation,
individuals regulate each other’s learning. If a student is self-regulated, it does not mean
that he or she can co-regulate in a group (Chan 2001). Co-regulation requires the abil-

ity to regulate one another’s motivation, emotion, cognition, and metacognition.

Co-regulation in CSCL

CSCL is an approach to learning in which group members jointly solve problems and
co-construct knowledge through social interaction (Van der Linden et al. 2000). Prob-
lem solving requires learners to monitor, control, and regulate their learning activities
to improve performance (de Jong et al. 2005). In most CSCL contexts, problems are
often complex and unstructured and have many possible solutions. In addition, it is
common for learners to be no teacher present to provide regulatory guidance (Azevedo
et al. 2004). Therefore, co-regulation is particularly important and necessary for suc-
cessful collaborative learning (Winne et al. 2013). Learners have to co-regulate their
learning processes to achieve a common understanding and shared goals. Moreover,
the dynamics of interaction can be captured by co-regulation in collaborative learning.

Co-regulation of collaborative learning occurs when individuals’ regulatory activities
are supported, guided, or restricted by and with others in the group (Hadwin et al.
2011). Therefore, it is necessary for group members to be aware of each other’s goals
and progress, as well as to monitor, support, or coordinate one another’s self-
regulation. Co-regulation in CSCL involves learners regulating themselves as well as
other group members (Chan 2012). To achieve this, group members have to monitor
and track each other’s progress during collaborative learning. Prior research has indi-
cated that high-level co-regulation was most commonly preceded by a question or an
explanation (Volet et al. 2009). Thus co-regulation can be triggered by questioning,
prompting, or explanation.

Prior research has shown that a lack of regulation can hamper individual learning
and group functioning (Barron 2000). If group members cannot regulate their learning,
they may repeat their own opinions, ignore others’ suggestions, or refuse others’ pro-
posals (Web 2013). Therefore, co-regulation is crucial for productive collaborative
learning and for achieving shared goals. However, research on co-regulation has
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received little attention in the CSCL field (Dillenbourg et al. 2009). Although a body of lit-
erature on regulated learning has emerged in recent years (Allal 2011; Hadwin et al. 2011;
Volet and Vauras 2013), little is known about the behavioral patterns of co-regulation.

Previous studies indicated that the analysis of behavioral patterns in CSCL can shed
light on the problems of knowledge building and coordination during collaboration
(Hou et al. 2007; Hou 2010). The behavioral patterns analysis also can provide im-
portant findings with respect to the use of mobile phone as well as provide insights
into improving the effectiveness of collaborative learning. The design of collaborative
learning tasks or intervene also need to be evaluated based on behavioral patterns of
collaborators so as to understand how the particular strategies can facilitate collab-
orative learning. Furthermore, the behavioral pattern analysis of co-regulation can
also help us understand how group members regulate their behaviors during collabor-
ation. It is also reported that the examination of the co-regulation behavioral patterns
differences between high- and low-achievement groups can help to understand the
positive factors leading to high achievement and the limitations of low-achievement
groups (Hou & Wu 2011). An in-depth analysis of behavioral patterns could provide
guidance for educators in understanding how different co-regulation behaviors con-
tribute to high learning performance.

Recently, mobile devices have become more and more popular and been adopted to
facilitate teaching and learning (Chen et al. 2008; Reychav and Wu 2015). Previous
studies also indicated that mobile devices can promote information sharing (Zurita &
Nussbaum 2004b) and coordinate task-oriented interaction (Boticki et al., 2011).
Mobile computer supported collaborative learning (MCSCL) is characterized as the
practice of meaning making in collaborative learning that is mediated by mobile
computing (Zurita & Nussbaum, 2004a). Researchers have developed software that
runs on mobile devices to facilitate collaborative learning (Cortez et al. 2005; Zurita &
Nussbaum, 2004a). The findings of prior research also revealed that MCSCL can improve
collaborative interactions, provide more learning opportunities, and enhance peers’ real-
time feedback (Huang et al. 2009; Roschelle et al. 2010). However, past studies lacked
long-term observation of participants’ co-regulation behaviors in the context of mobile
collaborative learning. Therefore, the purpose of the present study is to explore the behav-

ioral patterns of co-regulation in MCSCL.

The present study

This study aims to explore the behavioral patterns of co-regulation to gain insight
into how students regulate each other. The present study used lag sequential ana-
lysis (Bakeman and Gottman 1997) to examine the sequences of behavioral pat-
terns observed during collaboration. Lag sequential analysis has been used in
previous studies on digital learning (Hou et al. 2009). Compared to other analytical
methods, such as self-report questionnaires or interviews, behavioral pattern ana-
lysis can provide insight into the actual co-regulatory behaviors in collaborative
learning. Documentation of actual behaviors and analysis of behavioral patterns will
be helpful in understanding why co-regulation achieves certain learning outcomes.

Thus, the following research questions were addressed:

1. What are the behavioral characteristics of co-regulation in MCSCL?



Zheng and Yu Smart Learning Environments (2016) 3:1 Page 4 of 20

2. How does co-regulation evolve over time in MCSCL?
3. Are there any differences in behavioral patterns of co-regulation between high- and

low-achievement groups?

Method

Participants and tasks

The present study was conducted in a multimedia technology course worth three
credits. The participants were 101 freshmen majoring in law or Chinese language and
literature. Fifteen (15 %) were male, and 86 were female (85 %). The average age was
18. All of the participants were enrolled in the multimedia technology course for the
first time. They all had prior experience about collaboration from previous courses.

Procedures

Before the collaborative learning activity, all of the participants took a three-week
multimedia technology course to learn how to make a Flash animation. Next, all of the
participants were randomly assigned to twenty-three groups of four or five using a ran-
dom allocation software. It is reported that the random assignment can create probabil-
istically equivalent groups (Louis et al. 2007). Every group need to complete the same
collaborative learning task, namely creating a Flash animation within four weeks. This
task was designed by the teacher ahead of time. In order to complete this task, every
one need engage in a mobile collaborative learning activity via an instant message tool
(QQ) by mobile phone. They can share information, pictures, group products, and
communicate immediately via mobile phone anytime and anywhere. Every group col-
laborated freely via mobile phone. The teacher did not intervene students until they
had some problems about the procedures. All of the discussion transcripts were re-
corded automatically by QQ. Thus it is feasible to analyze the co-regulation process

based on the discussion transcripts of every group.

Data analysis
This study used content analysis to analyze the discussion transcripts of the 23 groups.
We revised the coding scheme proposed by Zheng et al. (2014) to analyze co-
regulation behaviors. As shown in Table 1, the coding scheme for the analysis of co-
regulation behavior included six dimensions. The goal orientation dimension consisted
of one category: establishing tasks and setting goals (ES). The plan-making dimension
consisted of two categories: making plans to reach the goal (MP) and negotiating the
division of labor (ND). The enacting strategies dimension consisted of two categories:
advancing and explaining solutions (AE) and coordinating conflicts (CO). The monitor-
ing and controlling dimension consisted of three categories: monitoring or controlling
group progress (MC), claiming (partial) understanding or comprehension failure (CC),
and detecting errors or checking plausibility (DC). The evaluating and reflecting
dimension consisted of two categories: evaluating current solutions (EV) and reflecting
on the group’s goals and progress (RE). The adapting metacognition dimension in-
cluded one category: making adaptions to goals, plans, or strategies (MA).

Two coders skilled at content analysis independently coded all of the discussion tran-
scripts according to the coding scheme. The analysis unit was the speaker’s turn. If one
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Table 1 The coding scheme for co-regulation in CSCL
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Dimension

Category

Examples

Goal orientation

Making Plans

Enacting Strategies

Monitoring and
controlling

Establishing task demands and setting
goals (ES)

Making plans to achieve goals, including
selecting strategies, setting timelines and
so on (MP)

Negotiating the division of labor (ND)

Advancing and explaining solutions (AE)

Coordinating conflicts (CO)

Monitoring or controlling overall group
progress (MC)

Claiming (partial) understanding or
Comprehension failure (CC)

Detecting errors or checking plausibility (DC)

“This task requires us to make Flash
animation.”

“We need to make a timeline so as to
finish this task on time.”

“Who will be responsible for searching
for information?”

‘I have an idea. We can make this
image by Photoshop first, then insert
it into the Flash program.”

“You needn't argue anymore. | have
solved this problem. "

“How is it going? We only have one
week left.”

“I don't understand how you made
this animation.”

"I think we will have trouble with this

solution.”

Evaluating and reflecting  Evaluating current solutions (EV) “The current plan is perfectly fine."

Reflecting on the group’s goals and
progress (RE)

“Overall, we have reached the goal
and finished the task on time.”

Adapting Metacognition ~ Making adaptions to goals, plans, or

strategies (MA)

“We need to adapt our strategies to
make it better.”

Off-topic Not related to the learning tasks (OT) “We will see a film this evening.”"

speaker’s turn demonstrated more than one type of co-regulation behavior, we coded it
more than once. For example, if one group member said: “I don’t understand how you
made this animation. I think we will have some problems with this solution.” Thus it
will be coded as claiming (partial) understanding (CC) and detecting errors (DC).
Cohen’s kappa statistic was adopted to examine the analysis results. The Cohen’s kappa
was 0.82, indicating a good reliability. The two coders discussed and solved all of the
discrepancies face-to-face.

To analyze the behavioral patterns of participants, lag sequential analysis (LSA)
(Bakeman and Gottman 1997) was performed. LSA was used to examine the probabil-
ity of behavioral occurrence (Hawks 1987). To conduct LSA, three steps were required.
The first step was to calculate the frequency of each behavior code. The second step
was to analyze the transfer matrix of behavioral frequency. The last step was to calcu-
late the adjusted residuals (Bakeman and Gottman 1997). LSA has been widely used in
previous studies to analyze behavioral patterns in simulation games (Hou 2015) and in
online cooperative translation activities (Yang et al. 2015). In the present study, Gener-
alized Sequential Querier (GSEQ) 5.1 was used to conduct LSA.

Results

RQ1: What are behavioral characteristics of co-regulation in MCSCL?

Behavior frequency analysis

To analyze the behavioral characteristics of co-regulation demonstrated by all of the
participants, the frequency and distribution of the coded behaviors were calculated.
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Table 2 shows the frequency and distribution of each type of behavior. The most frequent
behavior was advancing and explaining solutions (AE, 30.63 %), followed by claiming (par-
tial) understanding or comprehension failure (CC, 23.98 %), monitoring or controlling
group progress (MC, 9.52 %), and evaluating current solutions (EV, 7.70 %). This indicated
that students enacted strategies and monitored during co-regulation. However, coordinat-
ing conflicts appeared the least among all coded co-regulation behaviors. This revealed
that group members had little conflict during collaboration. In addition, participants sel-
dom made adaptions to goals, plans, or strategies.

Sequential analysis of behavior

To analyze the sequence of behavior transition for all participants during collaborative
learning, the adjusted residuals were calculated using GSEQ 5.1. If the Z-value of a se-
quence was above 1.96, then the behavioral transition was considered statistically signifi-
cant (Bakeman and Gottman 1997). Table 3 shows the adjusted residuals of all behavioral
sequences. The rows represent the starting behaviors, and the columns represent the sub-
sequent behaviors. As shown in Table 3, there were 16 behavioral sequences that reached
the level of significance. To visualize the significant behavior sequences, a behavioral tran-
sition diagram was drawn, as shown in Fig. 1. The node denotes the behavior, the arrow
denotes the transitional direction, the thickness of the arrow denotes the level of signifi-
cance, and the number denotes the Z-value of the sequence.

As shown in Fig. 1, the participants’ behavioral patterns were divided into five inde-
pendent sections based on the sequential relationships between the behaviors. These five
sections were ES-MC-MA (i.e,, establishing task demands and setting goals, monitoring
or controlling group progress, and making adaptions to goals, plans, or strategies), MP-
CC-AE-DC (i.e., making plans to reach goals, claiming (partial) understanding or compre-
hension failure, advancing and explaining solutions, and detecting errors or checking
plausibility), RE-EV (reflecting on the group’s goals and progress, evaluating current solu-
tions), ND (negotiating the division of labor), and OT (Off-topic). Overall, participants
co-regulated each other by establishing goals, making plans, enacting strategies, monitor-
ing and controlling, reflecting and evaluating, and adapting metacognition.

RQ2: How does co-regulation evolve over time in MCSCL?

To examine how co-regulatory behavior evolves over time, the frequencies and sequence
transitions of each type of behavior were analyzed in depth from week 1 to week 4. As
shown in Table 4 and Fig. 2, the relative frequency of making plans increased from week 1
to week 4. In every week, advancing and explaining solutions (AE), monitoring or control-
ling group progress (MC), and claiming (partial) understanding or comprehension failure
(CC) occurred the most frequently. These results indicated that participants enacted strat-
egies and monitored the collaborative learning process. However, coordinating conflicts
did not occur from week 1 to week 4. In the following section, the behavioral sequences
from week 1 to week 4 are illustrated in detail.

Behavioral sequences in Week 1

In the first week, ES — MC, AE — DC, MP — EV, and RE — MP achieved significance
(See Table 5 and Fig. 3). The behavioral path ES — MC indicated that when students
established task demands and set goals, they tended to monitor and control the



Table 2 Frequency and distribution of behavioral codes

ES MP ND AE Cco MC CcC DC EV RE MA oTr
Frequency 110 260 129 1110 3 345 869 101 279 126 23 269
Percentage 3.04 % 717 % 3.56 % 30.63 % 0.08 % 9.52 % 23.98 % 2.79 % 7.70 % 348 % 0.63 % 742 %
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Table 3 Adjusted residuals

ES MP ND AE CcOo MC cC DC EV RE MA oT
ES 441" -034 -049 -08 031 295 056 054 128 15 084 -082
MP 05 016 114 —414 048 179 553 167 047 -037 -131 -18
ND -096 —1.81 1764 -299 —033 0.05 067 —-141 -199 -219 -09 -1.22
AE  —042 017 =306 069 009 -157 412" 566 095 -35 -036 -589
CO -03 -048 -033 01 -005 144 -098 029 -05 -033 -014 17
MC 127  -124 -039 -091 -0.56 045 3257 —228 -1.18 093 -153 -1
CC 128 228 -039 698 038 059 413 -169 -127 194 137 -406
DC -119 -088 —142 458 -029 -221 125 194" —031 -139 179 -136
EV 115 131 -094 097 05 017 29  -139 444" 118 027 -153
RE -035 -137 -217 =255 —033 -17 =206 —192 256 1932° 147 =251
MA 162 134 -093 -139 -014 208 072 082 174 092 231 -137
oT 039 -031 -089 -652 171 -083 —-468 -058 -303 -22 -052 256
*p <005

learning process. When some students advanced and explained solutions, others tended
to detect errors or check plausibility (AE — DC). In addition, students evaluated their
plans after making them (MP — EV). Students also reflected in order to make good
plans (RE — MP). These behaviors were reasonable because students needed to
determine their goals and make plans in the first week. These behavioral paths were

also desirable because the sequences were helpful for co-regulation during CSCL.

Behavioral sequences in Week 2

Week 2 had eight significant behavioral sequences: ES — ES, ND — ND, MP — CC,
AE— DC, AE—EV, RE— RE, MA — AE, and OT — OT (See Table 6 and Fig. 4).
Other than the behavioral path AE — DC, this was the first time that these behavioral
paths emerged. The behavioral path ES — ES indicated that when students established

task demands and set goals, they tended to remain consistent in co-regulation behaviors.

Fig. 1 Behavioral transition diagram for all of participants
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Table 4 Frequencies of co-regulation behavior from week 1 to week 4
ES MP ND AE cOo MC CcC DC EV RE MA oT

Week1 1 3 0 12 0 8 12 3 3 2 0 0
2% 7% 0% 27 % 0 % 18 % 27 % 7 % 7% 5% 0 % 0 %
Week2 32 37 26 162 0 57 108 12 49 7 2 73
6 % 7 % 5% 29 % 0% 10 % 19 % 2% 9% 1 % 0% 13 %
Week3 48 103 57 514 3 128 358 53 112 38 11 84
3% 7 % 4% 34 % 0% 8 % 24 % 4% 7 % 3% 1% 6 %
Week4 27 112 36 383 0 125 360 32 104 77 8 110
2% 8 % 3% 28 % 0 % 9% 26 % 2% 8 % 6 % 1 % 8 %

The behavioral path ND — ND demonstrated that students negotiated the division of
labor constantly. RE — RE indicated that students reflected continually. OT — OT re-
vealed that when some students talked about unrelated topics, others continued to chat
or talked about unrelated topics. The behavioral path MP — CC represented that
when students made plans, they tended to monitor and claim partial understand-
ing. The paths AE— DC and AE —EV denoted that when students advanced or
explained solutions, others detected errors or evaluated the solutions. MA — AE
indicated that when students made adaptions to goals, plans or strategies, others
advanced or explained solutions.

Behavioral sequences in Week 3

In the third week, seven new behavioral sequences emerged: CC — AE, DC — AE,
MC — CC, MC — RE, EV —EV, MA — ES, and OT — CO (See Table 7 and Fig. 5).
The behavioral paths CC — AE and DC — AE revealed that when students claimed
partial understanding and detected errors, they could advance new solutions and ex-
plain them. The paths MC — CC and MC — RE indicated that when students moni-
tored the group’s progress, they claimed partial understanding or reflected. EV— EV
represented that when some students reflected, others also reflected. MA — ES denoted

35%
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20%

o

15%
10%
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Fig. 2 The trend of co-regulation behavior from week 1 to week 4
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Table 5 Adjusted residuals (Week 1)

ES MP ND AE cOo MC CcC DC EV RE MA oT

ES  -017 03 0 -061 0 26 -065 —03 -03 024 0 0
MP 024 043 0 -087 0 —-057 067 —043 227" 034 0 0
ND 0 0 0 0 0 0 0 0 0 0 0 0
AE 159 0.17 0 -235 0 —~153 143 283 017 -093 0 0
o o 0 0 0 0 0 0 0 0 0 0 0
MC -048 -0.86 0 0.15 0 -1.14 09 -0.86 0.69 118 0 0
cC  -05 -101 0 141 0 092 -051 =101 -101 09 0 0
DC -03 -0.53 0 1.65 0 1.08 -1.15 -053 -053 -043 0 0
EV -03 17 0 0.29 0 1.08 -1.15 -053 -0.53 -043 0 0
RE  —024 2277 0O 078 0 -057 -093 -043 043 034 0 0
MA 0 0 0 0 0 0 0 0 0 0 0 0
oT 0 0 0 0 0 0 0 0 0 0 0 0
*p <005

that students reestablished task demands and revised goals when they made adaptions.
The behavioral path OT — CO indicated that although students talked about irrelevant
opics, they could return to establish task demands and set goals. These new behavioral

sequences indicated that students could monitor, evaluate, reflect and make adaptations

when they conducted collaborative learning. In addition, five behavioral sequences were
the same as week 2: ES—ES, ND — ND, RE—RE, OT — OT, MP — CC. These

results indicate that students continually establish task demands and set goals, ne-

gotiate the division of labor, reflect on the group’s goals and progress, and discuss

Fig. 3 Behavioral transition diagram of week 1

Page 10 of 20
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Table 6 Adjusted residuals (Week 2)

ES MP ND AE CO  MC CcC DC EV RE MA oT
ES 21 -077 037 054 0 158  —088 044 177 -064 034 0
MP 017 114  -136 -198 0 181 228 —091 053  —07 037 -137
ND -119 -056 656 -147 0 1.31 0.06 -077 -089 -058 —0.31 -0.8
AE 05 068 -247 136 0 -1 16 289" 286 171 065  —368
o 0 0 0 0 0 0 0 0 0 0 0 0
MC 069 -103 019 -047 0 0.5 1.37 -119 =103 034 -048 017
CC  -013 046 006 196 0 -117 003 056 085 031 113  -152
DC 051 138 —078 095 0 -109 122 052 095 -04 021 —05]
BV -164 116 059 09 0 107 -155 -106 156 057 043 142
RE  —062 -072 -059 081 0 083 -131 04  -083 1325 016 -104
MA -033 -038 -032 222 0 -044 =07 -0.21 -044 -0.16 -009 056
oT 0.79 0.1 0.38 -269 0 -1 =317 =135 =194 -103 -055 994
*p <005

unrelated topics. When students made plans, others also claimed partial under-

standing or comprehension failure.

Behavioral sequences in Week 4

In the last week, several new behavioral paths emerged, including AE — DC, AE —
CC, CC— MP, RE—-EV, MA — AE, MA — CC, and DC— MA (See Table 8 and
Fig. 6). The behavioral sequence AE — DC indicated that when students advanced
new solutions and explained them, others detected errors or checked for plausibility. AE —
CC indicated that some students may claim partial understanding or comprehension
failure when new solutions were advanced or explained. The behavioral path CC — MP re-
vealed that when some students claimed partial understanding or comprehension failure,
others made new plans for the collaborative learning task. The behavioral path RE — EV

Fig. 4 Behavioral transition diagram of week 2
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Table 7 Adjusted residuals (Week 3)

ES MP ND AE co MC cC DC EV RE MA oT
ES 305 015 062 26 -032 1.03 1.92 103 -034 018 061 -1.07
MP 055 -119 =099 -17 -047 0.88 355" 09 13 =101 -09 =209
ND -136 —154 1269 -27 -0.35 0.09 109 =075 =219 -123 -066 -01
AE 0.51 117 =149  -031 -003 -023 1.85 202 07 -1.64 015 =272

cO0 -025 -038 -028 047 -006 043 -079 -027 -04 -023 012 2.74
MC 0.08 012 -136 -112  -053 04 2517 -127  -092 2277 102 -086

CC  -057 054 -038 566 04 074 —38 147 124 224 029 147
DC -129 -198 -145 364 033 -172 -178 164 059 —026 102 007
EVv.  -078 176 —061 022 -049 191 -218 -05 3.99" 0.79 0.21 0.36
RE 006 —025 -118 —143 -027 -059 134 -115 154 1004 148 —071
MA 295" —09 -066 -176 -0.15 117 027 -064 135 =053 325 -081
or  -1.01 -075 -068 -3.96 208" 037 =132 122 —098 —006 —081 1241
*p <005

demonstrated that students evaluated the current solutions when they reflected on
group goals and progress. The behavioral paths MA — AE and MA — MC showed
that when students made adaptions to goals, plans, or strategies, they could advance
new solutions or monitor group progress. DC — MA indicated that students made
adaptations after they detected errors. Therefore, all of these behavioral sequences re-
vealed that in this week, the main task was to reflect, evaluate and revise the collab-
orative learning products. In addition, students provided new solutions or monitored
group progress. All of these behavioral paths were desirable because they were neces-

sary to achieve successful co-regulation and productive collaborative learning.

@) 12.41

z.os

Fig. 5 Behavioral transition diagram of week 3
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Table 8 Adjusted residuals (Week 4)

ES MP ND AE CO MC CcC DC EV RE MA oT
ES 068 059 037 15 0 179  -183 082 -004 -129 -035 085
MP  —009 039 008  -331 0 1.1 328" 106 091 03 073 0
ND 166 -051 874 -067 0 -066 -049 -093 022 -147 -04 -1.15
AE 103 -062 -148 083 0 -083 281" 475 02 254 —063 —355
O 0 0 0 0 0 0 0 0 0 0 0 0
MC 1.3 -066 049 0.36 0 -063 202 —1.81 -084 04 -078 -1.03
CC  -079 243 035 343 0 018 =2 —094 006  —134 041 -331
DC 08 -038 02 3220 -115 019 147 164 141 231" 17
EV 0.82 -04 -169 026 0 152 -106 —093 212" 0.59 0.87 -1.57
RE 049 176 —145 -236 0 -152 185 -139 282" 1269 12 221
MA  -04 -084 -046 -176 O 286" 1.51 -044 052 -0.7 -019 084
oT -007 -028 -114 -383 O -023 =337 =104 237 224 -073 1798
*p <005

RQ3: Are there any differences in co-regulation behavioral patterns between the
high- and low-achievement groups?
To address the third research question, LAS was conducted to analyze the differences
in behavioral patterns between the high-achievement groups and the low-achievement
groups. The final score of the Flash animation created was the achievement of each
group. The Flash animation of each group was rated by the other groups and by the
teacher. The final score was equal to the average scores of the other groups and the
teacher. We selected the top six groups as the high-achievement groups and the last
six groups as the low-achievement groups. All behavioral codes of these 12 groups were
analyzed by GSEQ 5.1.

Table 9 shows the frequencies of co-regulation behavior of the low-achievement
groups and high-achievement groups. It was very clear that the high-achievement

Fig. 6 Behavioral transition diagram of week 4




Table 9 Frequencies of co-regulation behavior of the low-achievement and high-achievement groups

ES MP ND AE cOo MC CcC DC EV RE MA oT
low-achievement groups 10 40 23 151 0 37 126 12 52 11 2 46

1.96 % 7.84 % 451 % 2961 % 0 7.25 % 2471 % 235% 10.20 % 216 % 0.39 % 9.02 %
high-achievement groups 42 77 45 365 0 119 255 23 90 49 12 48

373 % 6.84 % 4.00 % 3244 % 0 10.58 % 2267 % 2.04 % 8.00 % 4.36 % 1.07 % 4.27 %
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groups demonstrated a higher proportion of behaviors in terms of establishing task de-
mands and setting goals (ES), advancing and explaining solutions (AE), monitoring or
controlling group progress (MC), reflecting on group goals and progress (RE), and
making adaptations (MA). The low-achievement groups demonstrated a higher propor-
tion of behaviors including making plans (MP), negotiating the division of labor (ND),
claiming partial understanding (CC), detecting errors (DC), and off-topic discussion
(OT). The results also indicated that coordinating conflicts (CO) did not appear in
either the low-achievement groups or the high-achievement groups.

To examine the differences in co-regulation behavioral patterns between the low-
achievement groups and high-achievement groups, the adjusted residuals were calculated
by GSEQ 5.1, as shown in Table 10 and Table 11. In addition, the behavioral transi-
tion diagrams of the low-achievement groups and high-achievement groups were con-
structed, as shown in Figs. 7 and 8. The results indicated that there were 12
statistically significant behavioral paths in the low-achievement groups (ND — ND,
RE—RE, EV—EV, OT — OT, AE— CC, DC— CC, EV—RE, AE — AE, DC— DC,
ES — ES, MA — CC, MP — CC) and 13 statistically significant behavioral paths in the
high-achievement groups (ND —ND, RE—RE, EV—EV, OT - OT, AE— CC,
DC— CC, EV—RE, AE—-DC, DC— AE, CC— AE, ES — MC, MA —- MC, MA —
MA). Eight behavioral paths, namely, ND — ND, RE—RE, EV—EV, OT — OT,
AE — CC, DC— CC, MA — CC and EV — RE, occurred in both groups.

Five different behavioral paths emerged between the low-achievement groups and
high-achievement groups. First, the behavioral path AE — DC occurred in the
high-achievement groups, while the behavioral path AE — AE appeared in the low-
achievement groups. This indicated that students in the high-achievement groups
advanced or explained the solutions and then proceeded to detect errors or check
the plausibility. Conversely, students in the low-achievement groups repeatedly ad-
vanced or explained the solutions. Second, the behavioral path DC — AE occurred
in the high-achievement groups, whereas the behavioral path DC — DC appeared
in the low-achievement groups. This result revealed that students in the high-

achievement groups advanced or explained the solutions after they detected errors,

Table 10 Adjusted residuals (low-achievement groups)

ES MP ND AE 0 MC cC DC EV RE MA or
ES 413 027 07 002 0 086 -037 -05 -003 -048 -014 0.1
MP  —094 056 014 249 0 02 2280 -103 047 127  -029 -037
ND -068 -057 835 —026 0 042 176 -075 052 072 021 152
AE —069 -061 181 25 0 046 208 153  —082 -153 —065 —364
o o 0 0 0 0 0 0 0 0 0 0 0

MC 035 -116 112 049 0 108 08 —097 097 -093 028 163
cC 038 09 084 153 0 023 -03  -066 -098 -051 174  —-122
DC  -05 -102 063 -164 0 094 27 3290 023 -052 016 111
EV  -106 063 092 -061 0 037 224 -019 433 2977 -033 133
RE -045 027 07 072 0 -08 -111 -05 102 39 -014  —101
MA  —02  -041 -031 -092 0 038 245 022 -048 -021 -006 —045
or 121 025  -156 294 0 055 -19 -01  -19  -106 -032 101

*p<0.05



Zheng and Yu Smart Learning Environments (2016) 3:1 Page 16 of 20

Table 11 Adjusted residuals (high-achievement groups)

ES MP ND AE CO MC CcC DC EV RE MA oT
ES 13 069 105 -124 0 398" -019 237 138 141 069 14
MP 069 079 126 204 0 081 214  -048 —008 137 —095 099
ND -055 —126 1022° -152 0 -132 103 0.08 -147 =147 =071 =07
AE 111 —003 152 -055 0 -179 266 202" 109 -155 -119 -178
o 0 0 0 0 0 0 0 0 0 0 0 0
MC 18 0.31 -039 =141 O 0.88 1.64 -03 0.51 -152 -12 -149
CC -13 075 041 485 0 -115 =29  -059 086 071 16 -135
DC 015 -132 -099 472° 0 —095 -212 -07 066 -104 154  —103
EV -135 -046 03 0.78 0 145 -103 142 201 -046 006 -0.97
RE 015 -193 -145 -178 0 045 171 -103 -047 1435 07 -15
MA =069 -095 -071 -057 0 264" -049 =05 1.1 -0.75 246" -0.74
oT 0.15 1.57 —1.45 -367 0 -045 -136 -103 -101 -079 07 1379
*p <005

whereas the students in the low-achievement groups constantly detected errors or
checked the plausibility of solutions. In addition, the behavioral path CC — AE
appeared in the high-achievement groups only; this indicated that students could
advance or explain the solutions after they claimed comprehension failure. Third,
the behavioral path ES — MC occurred in the high-achievement groups, while the
behavioral path ES — ES appeared in the low-achievement groups. This indicated
that students in the high-achievement groups tended to monitor or control the
progress of the group after they established the goals, whereas students in the low-
achievement groups repeatedly established goals. Fourth, the behavioral paths
MA — MC and MA — MA appeared in the high-achievement groups, while the
behavioral path MA — CC occurred in the low-achievement groups. This finding
indicated that students in the high-achievement groups tended to monitor the
group’s process after they made adaptations, while students in the low-achievement

D @

Fig. 7 Behavioral transition diagram of low-achievement groups
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14.33 0.22

Fig. 8 Behavioral transition diagram of high-achievement groups

J

groups tended to claim comprehension failure after they made adaptations. Finally,
the behavioral path MP — CC only appeared in the low-achievement groups. This
indicated that students in the low-achievement groups had more comprehension
failure or partial understanding of the subject matter after making a plan, while
students in the high-achievement groups gained a better understanding of the

new plan.

Discussion

This study used content analysis and lag sequential analysis to understand the
behavioral patterns of co-regulation in a MCSCL context. We examined the behav-
ioral characteristics and patterns of co-regulation as well as differences between
the high- and low-achievement groups. The results indicated that different types of
co-regulation behaviors occurred, such as establishing goals, making plans, enacting
strategies, monitoring and controlling, reflecting and evaluating, and adapting
metacognition. This finding was consistent with Lajoie and Lu (2012) who reported
that different co-regulation behaviors including planning, orienting, monitoring,
and evaluating occurred in two collaborative learning conditions. Previous studies
also revealed that these co-regulation behaviors are needed for achieving productive
and effective outcomes (Winne and Hadwin 2008; Zimmerman 2006). Processes of
co-regulation can also enhance the building of common ground and shared under-
stating (Saab 2012). These co-regulation behaviors were promoted and facilitated
by mobile devices because of their high degree of portability (Sung et al. 2010). Students
can use mobile phone to co-regulate their behaviors anytime and anywhere.

The findings also revealed that different behavioral paths emerged from week 1 to
week 4. At first, students primarily established goals and made plans; then, they ad-
vanced new ideas and detected errors or checked feasibility. In week 3, students began
to monitor group progress and evaluate current solutions. In the last week, students
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made adaptations to goals, plans, or strategies when they detected errors. This result
conforms to the previous study that different behavioral sequences demonstrated in dif-
ferent collaborative learning phases (Yang et al. 2015).

In addition, there were differences in behavioral patterns between the low-
achievement groups and the high-achievement groups. These findings are in line with
previous reports that the behavioral sequences between high-score groups and low-
score groups had different characteristics (Hou 2015; Yang et al. 2015). Students in
high-achievement groups demonstrated a high proportion of co-regulatory behaviors,
including establishing task demands and setting goals, advancing and explaining solu-
tions, monitoring or controlling group progress, reflecting on group goals and pro-
gress, and making adaptations. These behaviors were helpful for productive
collaborative learning (Ucan and Webb 2015). Establishing task demands and setting
goals contributed to building a shared understanding of the collaborative learning
task. Advancing and explaining solutions facilitated the co-construction of knowledge
among group members. Monitoring or controlling group progress helped students
clarify their shared understanding and sustained the ongoing collaborative learning
process. Reflecting and making adaptations enhanced the regulatory process to reach
a consensus on shared understanding. Conversely, students in the low-achievement
groups demonstrated more comprehension failure than the high-achievement groups
when new solutions were proposed or explained. In addition, students in the low-
achievement groups also repeatedly performed the same behavior, which was consist-
ent with previous studies (Yang et al. 2015; Hou 2015). This may resulted from the
limited previous knowledge or co-regulation skills of the low-achievement groups.
However, students in the high-achievement groups changed their behaviors to achieve
better co-regulation. Similar findings have been found by Saab (2012) that co-
regulation was positively related to group performance.

Regarding the implications of this study, the findings illustrate how collaborative
learning groups engage in co-regulation over time in a MCSCL context. First, this study
could be useful when designing prompts or scripts to facilitate co-regulation in MCSCL
environments. The aforementioned behaviors could be utilized to guide group mem-
bers during co-regulation. Second, another important implication is the need for more
MCSCL research on the actual behaviors of co-regulation. The actual performance of
behaviors is more authentic and meaningful than self-reported behaviors. Third, the
temporal aspects were also very crucial for understanding the process of co-regulation.
Fourth, the present study provided insight into the behavioral pattern of co-regulation,
which may be helpful for instructional designers to gain a better understanding of regu-
latory behaviors. It may also be useful for researchers to identify the relationships be-
tween behavioral patterns and learning outcomes. Fifth, the lag sequential analysis
method visualized the behavioral sequences by a behavioral-transition diagram, which
is useful to understand the differences in behavioral transitions. Finally, the present
study highlighted the importance of fostering co-regulatory abilities during collabora-
tive learning.

There were several limitations in the present study. First, we only analyzed partici-
pant behaviors. Future studies can analyze learners’ cognition, emotion, social interac-
tions, and knowledge construction combined with their behavioral patterns. Second,
only co-regulation behaviors were investigated in the present study. Future studies
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could explore the characteristics of socially shared regulation in the MCSCL context.
Third, content of contributions was ignored when coding discussion transcripts. Thus,
cautions should be made when interpreting results. Future studies will also analyze the
process of knowledge building. Finally, this study was conducted without any interven-
tion. Future studies could compare the behavioral differences before and after an

intervention.

Competing interests
The authors declare that they have no competing interests.

Authors’ contributions
All authors read and approved the final manuscript.

Authors’ information

Langin Zheng is an assistant professor and supervisor for postgraduate at the School of Educational Technology in
Beijing Normal University. She received her PhD from Beijing Normal University, China. Dr. Langin Zheng has been a
postdoctoral fellow at Athabasca University, Canada in 2014. She has published more than 50 papers in journals and
conference. Her research interests include computer supported collaborative learning, big data learning analytics,
smart learning environment, and instructional design. Junhui Yu is a teacher in China Institute of Industrial Relations.
He received his Master degree from Beijing Normal University.

Acknowledgments
This study was supported by the youth project for pedagogy of the National Social Science Fund of China in 2014
"The empirical study on the assessment and intervention of adaptive regulation for college students” (CCA140154).

Author details
'School of Educational Technology, Faculty of Education, Beijing Normal University, Beijing, China. China workers
digital education center, China Institute of Industrial Relations, Beijing, China.

Received: 20 October 2015 Accepted: 8 January 2016
Published online: 19 January 2016

References

L. Allal, Pedagogy, didactics and the co-regulation of learning: a perspective from the french-language world of
educational research. Res. Pap. Educ. 26(3), 329-336 (2011)

R. Azevedo, J.G. Cromley, D. Seibert, Does adaptive scaffolding facilitate students’ ability to regulate their learning with
hypermedia? Contemp. Educ. Psychol. 29, 344-370 (2004)

R. Bakeman, J.M. Gottman, Observing Interaction: An Introduction to Sequential Analysis, 2nd edn. (Cambridge Univeristy
Press, UK, 1997), pp. 1-14

B. Barron, Achieving coordination in collaborative problem-solving groups. J. Learn. Sci. 9(4), 403-436 (2000)

B. Barron, When smart groups fail. J. Learn. Sci. 12, 307-359 (2003)

|. Boticki, CK. Looi, LH. Wong, Supporting mobile collaborative activities through scaffolded flexible grouping. Educ.
Technol. Soc. 14(3), 190-202 (2011)

CKK. Chan, Peer collaboration and discourse patterns in learning from incompatible information. Instr. Sci. 29, 443-479
(2001)

CKK. Chan, Co-regulation of learning in computer-supported collaborative learning environments: a discussion.
Metacognition. Learn. 7(1), 63-73 (2012)

G. Chen, C. Chang, C. Wang, Ubiquitous learning website: scaffold learners by mobile devices with information-aware
techniques. Comput. Educ. 50(1), 77-90 (2008)

C. Cortez, M. Nussbaum, P. Rodriguez, X. Lopez, R. Rosas, Teacher training with face to face computer supported
collaborative learning. J. Comput. Assist. Learn. 21, 171-180 (2005)

F. de Jong, B. Koll6ffel, H. van der Meijden, JK. Staarman, J. Janssen, Regulative processes in individual, 3D and
computer supported cooperative learning contexts. Comput. Hum. Behav. 21(4), 645-670 (2005)

P. Dillenbourg, S. Jérveld, F. Fischer, The evolution of research on computer-supported collaborative learning: from
design to orchestration, in Technology-Enhanced Learning, ed. by N. Balacheff, S. Ludvigsen, T. de Jong, A. Lazonder,
S. Barnes (Springer, Netherlands, 2009), pp. 3-19

AF. Hadwin, S. Jarveld, M. Miller, Self-regulated, co-regulated, and socially shared regulation of learning, in
Handbook of Self-Regulation of Learning and Performance, ed. by B. Zimmerman, D. Schunk (Routledge, New
York, 2011), pp. 65-84

I.K Hawks, Facilitativeness in small groups: a process-oriented study using lag sequential analysis. Psychol. Rep. 61(3),
955-962 (1987)

H.T. Hou, KE. Chang, Y.T. Sung, An analysis of peer assessment online discussions within a course that uses
project-based learning. Interact. Learn. Environ. 15(3), 237-251 (2007)

H.T. Hou, KE. Chang, Y.T. Sung, Using blogs as a professional development tool for teachers: analysis of interaction
behavioral patterns. Interact. Learn. Environ. 17(4), 325-340 (2009)

H.T. Hou, Exploring the behavioural patterns in project-based learning with online discussion: quantitative content
analysis and progressive sequential analysis. Turkish. Online. J. Educ. Technol. 9(3), 52-60 (2010)



Zheng and Yu Smart Learning Environments (2016) 3:1 Page 20 of 20

H.T. Hou, S.Y. Wu, Analyzing the social knowledge construction behavioral patterns of an online synchronous
collaborative discussion instructional activity using an instant messaging tool: a case study. Comput. Educ.
57(2), 1459-1468 (2011)

H.T. Hou, Integrating cluster and sequential analysis to explore learners’ flow and behavioral patterns in a simulation
game with situated-learning context for science courses: a video-based process exploration. Comput. Hum. Behav.
48, 424-435 (2015)

Y. Huang, Y. Jeng, T. Huang, An educational mobile blogging system for supporting collaborative learning. Educ.
Technol. Soc. 12(2), 163-175 (2009)

S. Jarveld, AF. Hadwin, New frontiers: regulating learning in CSCL. Educ. Psychol. 48(1), 25-39 (2013)

K. Kreijns, P.A. Kirschner, W. Jochems, Identifying the pitfalls for social interaction in computer-supported collaborative
learning environments: a review of the research. Comput. Hum. Behav. 19, 335-353 (2003)

S.P. Lajoie, J. Lu, Supporting collaboration with technology: does shared cognition lead to co-regulation in medicine?
Metacognition. Learn. 7(1), 45-62 (2012)

C. Louis, M. Lawrence, M. Keith, Research Methods in Education (Routledge, New York, 2007), p. 276

M. McCaslin, D.T. Hickey, Self-regulated learning and academic achievement: A Viygotskian view, in Self-Regulated
Learning and Academic Achievement: Theoretical Perspectives, ed. by B.J. Zimmerman, D.H. Schunk (Lawrence
Erlbaum Associates, New York, 2001), pp. 227-252

. Reychav, D. Wu, Mobile collaborative learning: the role of individual learning in groups through text and video
content delivery in tablets. Comput. Hum. Behav. 50, 520-534 (2015)

J. Roschelle, K. Rafanan, G. Estrella, M. Nussbaum, S. Claro, From handheld collaborative tool to effective classroom
module: embedding CSCL in a broader design framework. Comput. Educ. 55(3), 1018-1026 (2010)

N. Saab, Team regulation, regulation of social activities or co-regulation: different labels for effective regulation of
learning in CSCL. Metacognition. Learn. 7(1), 1-6 (2012)

Y. Song, Methodological issues in mobile computer-supported collaborative learning (mCSCL): what methods, what to
measure and when to measure? Educ. Technol. Soc. 17(4), 33-48 (2014)

Y.T. Sung, H.T. Hou, CK. Liu, KE. Chang, Mobile guide system using problem-solving strategy for museum learning:
a sequential learning behavioral pattern analysis. J. Comput. Assist. Learn. 26(2), 106-115 (2010)

CW. Tsai, Achieving effective learning effects in the blended course: a combined approach of online self-regulated
learning and collaborative learning with initiation. Cyberpsychol. Behav. Soc. Netw. 14(9), 505-510 (2011)

S. Ucan, M. Webb, Social regulation of learning during collaborative inquiry learning in science: How does it emerge
and what are its functions? Int. J. Sci. Educ. 37(15), 2503-2532 (2015)

N.M. Webb, A.S. Palincsar, Group processes in the classroom, in Handbook of Educational Psychology, ed. by D. Berliner,
R. Calfee (Macmillan, New York, 1996), pp. 841-873

N.M. Webb, Information processing approaches to collaborative learning, in International Handbook of Collaborative
Learning, ed. by C. Hmelo-Silver, A. O'Donnell, C. Chan, C. Chinn (NY: Taylor & Francis, New York, 2013), pp. 19-40

PH. Winne, A. Hadwin, The weave of motivation and self-regulated learning, in Motivation and self-requlated learning:
Theory, research, and applications, ed. by D. Schunk, B. Zimmerman (Erlbaum, Mahwah, 2008), pp. 297-314

P.H. Winne, AF. Hadwin, N.E. Perry, Metacognition and computer-supported collaborative learning, in International
Handbook of Collaborative Learning, ed. by C. Hmelo-Silver, A. O'Donnell, C. Chan, C. Chinn (NY: Taylor & Francis,
New York, 2013), pp. 462-479

J. Van der Linden, G. Erkens, H. Schmidt, P. Renshaw, Collaborative Learning, in New Learning, ed. by P.R.J. Simons, J.
van der Linden, T. Duffy (Kluwer Academic Publishers, Dordrecht, 2000), pp. 37-54

S. Veenman, E. Denessen, A. van den Akker, J. Van Der Rijt, Effects of a cooperative learning program on the
elaborations of students during help seeking and help giving. Am. Educ. Res. J. 42(1), 115-151 (2005)

LS. Vygotsky, Mind in Society: The Development of Higher Psychological Processes (MA: Harvard University Press,
Cambridge, 1978), pp. 52-57

S. Volet, M. Summers, J. Thurman, High-level co-regulation in collaborative learning: How does it emerge and how s it
sustained? Learn. Instr. 19(2), 128-143 (2009)

S. Volet, M. Vauras, Interpersonal Regulation of Learning and Motivation: Methodological Advances. New Perspectives on
Learning and Instruction (Routledge, London, 2013), pp. 1-13

X. Yang, J. Li, X. Guo, X. Li, Group interactive network and behavioral patterns in online English-to-Chinese cooperative
translation activity. Internet High. Educ. 25, 28-36 (2015)

L. Zheng, V. Kumar, Kinshuk, The Role of Co-Regulation in Synchronous Online Learning Environment (IEEE Sixth
International Conference on Technology for Education (T4E), Kollam, 2014), pp. 241-244

B. Zimmerman, Development and adaptation of expertise: The role of self-regulatory processes and beliefs,
in The Cambridge Handbook of Expertise and Expert Performance, ed. by K. Ericsson, N. Charness, P. Feltovich, R.
Hoffman (Cambridge University Press, New York, 2006), pp. 705-722

G. Zurita, M. Nussbaum, A constructivist mobile learning environment supported by a wireless handheld network. J.
Comput. Assist. Learn. 20, 235-243 (2004a)

G. Zurita, M. Nussbaum, Computer supported collaborative learning using wirelessly interconnected handheld
computers. Comput. Educ. 42(3), 289-314 (2004b)



	Abstract
	Introduction
	About Co-regulation
	Co-regulation in CSCL
	The present study
	Method
	Participants and tasks
	Procedures
	Data analysis

	Results
	RQ1: What are behavioral characteristics of co-regulation in MCSCL?
	Behavior frequency analysis
	Sequential analysis of behavior

	RQ2: How does co-regulation evolve over time in MCSCL?
	Behavioral sequences in Week 1
	Behavioral sequences in Week 2
	Behavioral sequences in Week 3
	Behavioral sequences in Week 4

	RQ3: Are there any differences in co-regulation behavioral patterns between the �high- and low-achievement groups?

	Discussion
	Competing interests
	Authors’ contributions
	Authors’ information
	Acknowledgments
	Author details
	References



